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2k o] A HA7F Ak 2 E 7Hsensory evaluation)s= 272 E-85t0] A1E9] £4S mietolal o]

§ 9 sfAsk= Hob=Z, 4gst At A 5 S84 A2 53 WA gt (Lee et al., 2025).
RE0HE Aol e m2EF0) 7|Htste] A=) QIZE W 4o A A olsistal, AlEY & 7Fs A el
Tl Ok B A& AF A, A Z2utY(sensory profile)dt 8|2} vEE 2H] A o] E-8H = o] &oF
£, 58] SARE Bopol A AlE i, £ S, AR A 89 d4 2A HolHE ASste 253 =12 &
453 k(o et al., 2025; Torrico et al., 2018).

I8y AeAQl Az HEL g 2y, &9, W9 &85 Tigk ARkt Bl-E, 7iQ1 7F A2 &e(inter-
individual variability)ollA] H]%E= F34, 181 254 i E HA] Aol mE Q1214 HiH cognitive bias) 92 <1
3 Axto] A& J 1t 24 EfdE(external validity)7t AltE= ZE2Q1 HAE 7HITHChen et al., 2025; Torrico et al.,
2023). £3] AH|A} 1RS-9] Alet HEO 18- X173 A|(autonomic nervous system)ll 23 mi7j s FoJ41 2 "3 7191
51, o= A7 B4 (self-reported) AERE0 2= F55] E2HE 4= ¢ItHCosme et al., 2025; Fuentes et al., 2021).

o|fgt FHAE FHo7] et R - AH|A}; 35; ool )1FA]s(artificial intelligence, Al) ¥ YA€ 7]
&9 =o] HEZA FAIE T e} Al FHie dlolEE st B4t sjdS shsota], QY] A7 vk-g-S A
Ho| 1L YAE M A& dE-ERT F e AT B4 =12, AR 4] AvtelA ko] Hlo]E 7t S Fof o
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ST | AT 2R BOJE B4 7|50l SAMIE Hof 1 HE AlX Bt

2t AIE A7 & 4HRF Aol &5k A9 B4 S840l A B AAEHIAL A (Lee et al., 2025; Nunes
et al., 2023). 53] M4l 'd(machine learning) 7|&9] A4 Wiz D] FE2HY S 235 ¥5H, 55
ot Bl eargo] EASHAY SAIEA g2 2HoA 3 E HlolEloAE Ao g AEllith= o] tt
(Hiregoudar et al., 2026; Jo et al., 2025).

AR A2 9 AR Aol A8EE Al 719 74 Ve 34 T e R ANEY. ARe HAlEY TIRE
v EA d=d 227 #HFE H|A A|A"(computer vision system, CVS) 7]8F 3 =24 B4 1A £
FH (near-infrared, NIR) ¥ ZE3F J4H(hyperspectral imaging, HSI)7|8F BIAX-EA] o, 183 HAA
(electronic nose, E-nose)-AA}&(electronic tongue, E-tongue) 7|4t gFu] EA HAo| d=ct EX4= AVl
EH OAE 7l& 79 2HRF Rk E4 08, A=A (eye-tracking) 718 AlZHA 0] 9 Fujgs BA, A5 o
= ¥ E4(automatic facial expression analysis, AFEA) 7]%F 74 ¥kg B4, 183 7MdAA(virtual reality,
VR)-Z7} @Al (augmented reality, AR) 7|4t W&t An|z} H7p7) ZokEch o] & HEH2 Als Hxo 2 3-a5
off AH| &} ol gk Bt ZZA 2 o]sf & A5t Cosme et al., 2025).

ofof] & YoM Al 71N 77 E AH|A} HlolH 24 HE0] Yot §4, SAME EopollA 9] A8 d2 1

g
Zstal, A e ol tieh 484 AR S AlSstalAr e

-

=

I 22

1A 7|8 22t SY 015 2 28

E4= Asoh, NIRZ 780-2,500 nm 3 #9lol4 C-H, O-H, N-H & 3te+ 299 F5 &
A2 SOl A, S, 5 R RS Ao ARttt HSI= CVSYF NIRY A& 5ot 7<=, 7t 3kax]
A Sl 7)) A o R E BAlo) 50 2H AR 31 Faet stk 24JE 34+ HlolH FE(hypercube)
P = A F3tct (Olaniyi & Kucha, 2025; Shi et al.,, 2021). Al 71&-2 25 £ dlo|goA §a3 RS 53]
S| ET Atote] &EHH, 7|E] oA grF Al tiAE 4 e A8A 4 37t

o7 FEHY Qltt (Modzelewska-Kapituta & Jun, 2022; Taheri-Garavand et al., 2019).

CVS £oFolA] Cernadas et al. (2022)2 74 4 3 &efo|A9 oW 2RE EAH s (6%)°] B7Fet vHED
A9}t AT AL 0.928 2451921, Menezes et al. (2025)2 AUtEE o|u|x] 7[HF L Elo] AH|XH46.7%)E T} =
2 A T L (76.5%)F EAS SRAsHATE NIR £oFol|4] Hernandez-Ramos et al. (2020)2 4] 7 3
9] NIR 2" ERS &-goto] S5 sfd(107)0] B7et 23, 3v, g\ a4 5 287 72 4L ASst3lon, g
7d& AAFRY 0.82F HIRES F8 EANA Fu|et A58 S gRlstltt. HSI #oFolA| Zhang et al. (2022)2
F 54 28T JAo 7 FZ(hardness), A% (gumminess), WA (chewiness) 5 BAA Tietu|E]E R2=0.984~
0.987 FE2 & ASSIATHE 1).

0.



A28 A= 7|&/4M Al g8 FQ 71
Cernadas et al. (2022) A a5y o CVS (RGB) SVR R=0.92, MAE=0.46
Sz 22 5% vs. AH|X
Menezes et al. (2025) ESnbii-=Yinkj| CVS (ADIEZE RGB) CNN, SVR, RF, ANN = A|47667E;/A> vs. AH[X}
. 0
HO 0, = 0 _E_E
Zhang et al. (2025) AD7| CVS (RGB) ResNet50+GLCM+GAT =¥ 92'754’;{1‘;_';91'51 % =R
o=

Hernandez-Ramos et al.

(2020) HA =M o NIR (1,100-2,000 nm) ANN 40| ZHE R?=0.82
Zhang et al. (2022) %S HSI (900-1,700 nm) LSSVM Ze- 484319 R?=0.984-0.987
Wijaya et al. (2021) A7 E-nose DWT+LSTM 232 ™str 94.83%, R2=0.9712
Zeng et al. (2023) QFZE E-nose SVM HEE 93.3%

Jiang et al. (2021) A =M o E-nose + E-tongue + CVS BPNN R2)0.935
Shen et al. (2024) guwilugy | © 0% N0 TS T cest R=0.964

Lu et al. (2025) EHX| 27| THE| E-nose + CHAHR X| & BP-ANN Hetz 98.00%
Geng et al. (2025) 2E AAX| E-tongue CNN/LSTM/Transformer ZHEIBE H9X] 0.11 mg/mL

CVS: computer vision system; RGB: red—green-blue; NIR: near-infrared; HSI: hyperspectral imaging; E-nose: electronic nose; E-tongue:
electronic tongue; TA: texture analysis; GC-MS: gas chromatography-mass spectrometry; QDA: quantitative descriptive analysis; TPA:
texture profile analysis; WBSF: Warner—Bratzler shear force; IMF: intramuscular fat; SHAP: SHapley Additive exPlanations; SVR: support
vector regression; CNN: convolutional neural network; RF: random forest; ANN: artificial neural network; GLCM: gray-level co—occurrence
matrix; GAT: graph attention network; LSSVM: least squares support vector machine; DWT: discrete wavelet transform; LSTM: long short—
term memory; SVM: support vector machine; BPNN: backpropagation neural network; CCST: cross—channel sensory transformer; BP~ANN:
backpropagation artificial neural network; MAE: mean absolute error; R% coefficient of determination; R: Pearson's correlation coefficient

Al 71e2 2471 Aol 5443 SHAIE Ado. CVSe ARl E-al&olzhs 3ol Jlon o R =et=o] Wi
Hou} 3hu)9} 22 747 EAL A 22s}7] o)1, NIRS #4F A-840] =5t A|29] 3 A Ao Bt AHEH
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A5 (E-nose)2t A4S (E-tongue)= 2
(metal oxide semiconductor) A4 ojgo]
A2 g7 7kA g 2ekE e u)-AFEAH(GC-MS)el
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AZ T &= AG AtolA= g 75 47 552 FolEE &8sto] 417 AAE BF RE(EEE 94.8%)1
QF2E FF 58 £5% 2d(F: 93.3%)°0] HIEY}E (Wijaya et al., 2021; Zeng et al., 2023). t}5 AllA &3+
Ao A= gigdo] HAREA(quantitative descriptive analysis, QDA)C.2 H7I5t 717t EA A48 EH HEE 4
ot ARE- AR -AFE HA-HAA £E47]-GC-MS 5 °|F AlA dHlo|gE F&ste] 44 4 H(R»0.935),
A7) HEJ(HZE 98.0%)Y 72zt T2utd-S ATF Sl Bdo] AUt (Jiang et al., 2021; Lu et al.,
2025; Shen et al., 2024). &¥ Geng et al. (2025)2 L& 2A[A|9] dEHAlE Hlo[HE 7[Hte 2% H2d 24
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£d N 7|2t Z2-AH|A} C|O|E £4 7|52 S4AIE Z0F HE gl AT TE

2 A9 "o =8 A &otal, B2 =7 (molecular docking) ¥ A58 AlEH o] A(molecular dynamics
simulation) 22 ZHAF =84 TIR1/T1R39HS] 2% S AT 2F AF € 371 Hepel== A%
A2 7elA ofuet AT 542 e ITHE 1).

ool A2 AR -AAH Y} HAlH Y- HeF 9 o] AAE 857, A7 54 95, 7154 Hete|l= d= &
oget 2 240 A S HolEn 53] v AlM 39T HeEd Y T2 7] v 44 A4S Bk FY
SHA AR 4= Qlo] & AlA H29] SHAS RS A0 & 7|UE ) (Jiang et al., 2021; Shen et al., 2024). 18
U, AlA EB|ZE (sensor drift), A7 &84, & 7HsA 52 FF s 2soF & IA = Hof Sl

N

)

AlAdF A (eye-tracking)> A A 7|9 7|2t} dare] S-S E-85to] BRI AlA 4|2k o 52 AATIC R
A-BASH= I 7o 2 (7¥ 1 9 19 2), A4 A (fixation), £2F S=(saccade), A= AlZHdwell duration)
o] AHE Fof AH|R9] A|ZA F9] Hel-& AFSs} (Duerrschmid & Danner, 2018). AB|A7F A8 E4-&
AISHA] Z3t AEfoll A AEA - RO A A w35 ZARS 5 Qlths oA A7|EIA] AR HAE st FEA
(implicit) 74 ¥ o& Frie|n, AeH tioto] Aeix]x] ok tioti et o W2 Al 1178 Sl5=et o 11 A7 ARk
Uetditt= I3 A 23k= AlA 53 o QAREA 710 DS HA S SR} (Orquin & Loose, 2013).
SAAE ZopollA e AAFA S E-ER7F ABA} s A7 HAE A Qi Malheiros et al. (2025)2 4145
!

r& olﬂ Jl)n

o 2] go] Pfat Aol A4 el o o 2ke] BAE EASEON, WG HeM F4o] Fu) EE Folt

uhe 24 %&1 Tl S WL AL SIS B3 A4, BF, 0hEw, o] A4 14 Ao §oust o
F2 vAE A0R ek Samant and Seo (2016 B17] AES thO 2hl 14 o] Anjzpe] Az
Folo] nlX) S AT, S8 A4lo] £ AuE N4rksH W 34 B 2 Bol o o, o &
% A AT W, B A4 e 2EAe £5 AEC] e o o BAFH: Ao Uekih Riswanto

et al. (202502 ¥Rt 71w, e Hvl F H714S o= AnRF Al 1 A7 S|EfS 245kl o,
¥ =t ﬁﬂﬂ@"] 7P =2 AAA F9E fdshal BERHER0| 7MY dHEA AAdS TIe 84
o7k AlAEA HolHE MAled LSy} dekoto] 4R A& A8 d&ste A7t .
Gere et al. (2016)2 At A2t AAA] 5 671 A% 7L e]E tid o2 597 9] 7Aool Al 4709] A& HietS:
BAO AAISHL, AlA 3 81, Al A 6719 AR A EF 13719 5414 Edof| 4-8-5l0] AH|R}F deS 2
99.8%°] ez &3ttt HAE okl AlAF2] HolHE "eidol Y=iste] vt AeZ d&she o
TF7F 1% 5 (Unger et al., 2023), AlA524 Ho|H 2} ATS] A2 HA} L LdlE 1 9lom S4HE FofoflA =
]‘30} A9 28 7Fs/do] ZIdiEe. ot AJASF2A2 A7 Fo1E HeAle AT 9ff Be]o giet oat
AT AlSSHA F3hH, 2H8F 7171 ARG Al A7 AR A S QIAISte] Al Hi|l S Ao A

= A A2 R A=t (Duerrschmid & Danner, 2018).
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2 The illuminators The cameras
create a patiern of take high-resolution
near-infrared light on images of the user's

An eye tracker
consists of cameras,
illuminators and
algorithms.

the eyes. eyes and the pattemns.

The image processing

4 algorithms find specific
details in the user's eyes and
reflections patterns.

Based on these details the eyes’
position and gaze point are
calculated, for instance on a computer
monitor, using a sophisticated

3D eye model algorithm.

The illuminators

Create pattern of -
near-infrared light
on the eyes.

The Scene Camera «««««««wees
recording what the user
is looking at.

The cameras

take high-resolution
weeeeeeeee images of the user's

Gaze Point eyes and the patterns.

The image processing algorithms
find specific details in the user's
eyes and reflections patterns.

An eye tracker
consists of cameras,
illuminators and
algorithms.

Based on details the eyes’ position
and gaze point are calculated
using a sophisticated 3D eye
model algorithm.

User calibration input -

_— | C T W - =
! 1 3D gaze

/ A vector
-~ | 2D gaze
Normalized face / eye crops | point on
,,,,,,, screen
Calibration
techniques

Training techniques

£X: https://connect.tobii.com/s/article/How-do-Tobii-eye-trackers—work
https://noldus.com/download/document/white-paper-facereader-webcam-based-eye-tracking
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£d LAl 7|2 Z2b-2H[XLHO0|E 24 7|59 S4HAE 20FXHE

rol
Olor

b AR F2

O "

T2 2. AMEH HI0]E 2| A[ZtstHH: (a) 21X| FH M (seen map), (b) SIEH (heat map), () AlM B2 E=H(gaze plot)
(b)

,. ’.‘".ogtural A /s
Umf/ tira glg ’:ou;h Ophea’s 0'%.. - (.75 O POUCHES
{\ g rn@ﬁm science. NETWT 37500 m'*'

&X' https://connect.tobii.com/s/article/ Types—of-visual-engagement-maps?language=en_US
https://connect.tobii.com/s/article/heat-maps-and-gaze-plots?language=en_US

2) 9= HE QA 7|8t 2k BI2 B

A5 d= Y EA(AFEA)Z BT Q E= ofnlA] HolH2RH 4] dF 45 F2AUe HAIReRE A5t
I 7575to] 4 WEe-Z HEeshs 71&elth (Danner & Duerrschmid, 2018). €& H74-2 Q17H9] H[1ojA AR
YAlo| Ao A A4S FAd= 7P T8 JHY OS2 (Ekman, 2003), Friesen and Ekman (1978)0] 7Hgtet =
Y5 F353} A|A”l(facial action coding system)Oll 7]8Fsto] E(happiness), E&(sadness), ¥ =(anger), 8L
(disgust), &*%(fear), =& (surprise) 5 71 4 (basic emotions)S E5oH= A A7} o] At (1H 3). A
AR} Ao A 71 7] E8EHE AME AT EF0]Ql FaceReader™(Noldus Information Technology)e 17+

TG e} v sto] ot 88%2] i AT E HAISt= A0 2 W 1E 9} (Lewinski et al., 2014).
SAMAE Bolo| & AFEAS -84 48|12 7H4 WS- d77F HaE|3 9ok, Kostyra et al. (2016} 30982 4]
A} mfdo] 559 A FS A4St & Holx= d&F B FaceReader™& ’\7“5}3’_ 5709 A4 =2uke iﬂiéE]
5ottt 4 23 S9(neutra)® S50 SAIRE 7t FE BHE-S £ FFol L& HIEI EE Folgt
AFA 7HE A4 ey Alm 24 2 F50] A8 3 w0l TS ] < gRI5t3lth. Mena et al. (2023)2

2117] sfElof] tfet AFE dF B WSS vl o, T EES B7IRE Gupta et al. 2021)2 ¥EH Y 5
3t YA 27| BT 7He] BEUXE Hushy £ &4 whHo] e 4o S 7‘1]?_}5}“‘3} S Fuentes et al. (2020)
S 1% 7 AES ggo R I B E47 973 AU (remote heart rate), I F =%(skin temperature) 5 H]
AL BAASE Bt AFA A artificial neural network)S A-85k0] 4B|2}] 744 HHS 4 7|3 =& o &35}
L nEg st B4 Ay 92 314 oE 2R YA SE B3 o2 B (multimodal) Fo] AH|R};
A3 WS A& AL E A= AR UEHTHE 2).

oJAr9] ALEL AFEA7F AEAQl A7| 4] 7zhgrtel axsl7] o AHRR] FOJAA 714 Hhg-S AA|ZE



2! 3. FaceReader™ 241 5H: (g) A|ZHHE 2 2, (b) Y= WS T2 (action unit)

@

Media file X A TemporaiAverages ® oA

8- Hero's journey mpd Meia file | Kia - Hero's journey.mpd

ONewrral  @Hagey @Sad @Angy @Suprised OSeares Obisgusec  OValence () Arcusal

0.00
£0:00.000 00:10.000 00:20.000 00:30.000 00:40.000 00:50.000 0102133

wv Episodes
Expression Comparison x ~ Circumplex Model [ % A ExpressionIntensity X A
Media File - Kia - Hero's Journey.mpd tecia File - Kia - He Media File - Kia - Hera's journey.mp4
@tewvsl @Happy @5 @Angy @Suprised @Scared @ Disgusted
Active
[
o = -
sl 5 :
= g
Surprised 0.02 % § 2

B

Inactive

Scared | 0.00

Disguszed I 0.

0.06 CF 040 060

©)

Analysis Visualization = | | X | Action Unit Intensity ‘ = ‘ ‘ X
D Action Units v  Unilateral ~
AU | Trace Slight Pronounced Severe } Max ‘ Des(nphon
08 ; Cheek Raiser
9 Nose Wrinkler
10 Upper Lip Raiser
2L Lip Comer Puller
“ ; Dimpler
15 ; Lip Corner Depressor
17 Chin Raiser
1@ Lip Pucker
20 : Lip Stretcher
5 | — Iiphghener
22 A Lip Pressor
Model qualy —— | 5 Lps ar v
£X: https://noldus.com/download/document/white—paper—facereader-facereader-online
https://noldus.com/download/document/white-paper—facereader-custom-expressions
o 2 AFRet ¢ Q32 HolFw, SAREY 5, AR 24, A% 5 AlE £40] 48R T Bl v|A= 9%

Ao 2 g 0}*‘1 o] 282 4= S AARIE OT AFEA= 58 0] $-AloHA UEh= 3ol Qo] nlAlst 4t
A Apol& Z&sk= o] SHAIZE Qlow, 21, WEFlto|u Qb0 Qs A= 71, A7) 5 A1E A3 Fso] Qs oty
E(artifact) ¥o] 24 AHgrof g3k vja 4= Qok= Ax v dfoF gkt (Danner & Duerrschmid, 2018; Savela-

2026, 5 (Vol.15, No.1) 51



ST | AT 2R BOJE B4 7|50l SAMIE Hof 1 HE AlX Bt

B2, CIRIE 714 7|8t AR} BIS 24 17 2o

pmnie| A= 71&/MM Al &8 = AN
Malheiros et al. (2025) AME-xE|8 Eye-tracking - TSt H2M — 101 Q| t, Z — 20l o= |
B XAl =SA 2 XA7Hs A By
Samant & Seo (2016) S| Eye-tracking - ta X =T lx ks< el
NIESES
Riswanto et al. (2025) 2 Eye-tracking - FHE|E H|OF IH7 | RO A A[ZHE FO| 7HE =5
Gereetal. (2016) | ALIHABT-AAIX| S Eye~tracking KNN, C4.5 DT 5 1374 2|} 99.75% 015 Hate
_ FH S5 M, A= S22 EF AR =Y
Kostyra et al. (2016) SH AFEA (FaceReader™) Kohonen NN s 2A s Te te =8
HS0IAM &1
Gupta et al. (2021) QIEE AFEA (FaceReader™) - A7 |2109 BH HIS 7H 2UR| &0l
o= = AFEA + dx|As [E 2Y S8 Al = AFEA ChH| 0| S Feti=
Fuentes et al. (2020) 23 7JEt AR (At m= 25) ANN sEAr
Crofton et al. (2021) A|17| AH0]2 VR (360°) - VR HAEY SH0M 7|5 = RA0IGH =3
Dong et al. (2021) Qp2E AR - BAD HEZ 7t QOI0[3H AR S0l
da Silva et al. (2025) B VR (22%) RF + SHAP 2 0E-HR20| £8L0 2 F M
Gonzalez Viejo et al. - VR + dHAS o - C
(202 4; Az (@B Al s ML CIXE E21 7|4 +8& 0| 2% 7H5 4 HA|

AFEA: automatic facial expression analysis; VR: virtual reality; AR: augmented reality; KNN: k—nearest neighbors; DT: decision tree; ML:
machine learning; NN: neural network; ANN: artificial neural network; RF: random forest; SHAP: SHapley Additive exPlanations; FaceReader™:
commercial facial expression analysis software developed by Noldus Information Technology

Huovinen et al., 2021). 1A% 7|8t Hejd Zdo] =)t A 4, AE|A A3 5 tE YA 430l vg B
(multimodal) 3+ E35f o235l HAIE B 4= 912 Ao 7 7=t (Fuentes et al., 2020; Lee et al., 2022).

3) 7HA-BATA 7|8 MERN AH|Xt HIt

7HFAA(VR)I ST A(AR) S 287t A& Foks WEhg S ASA oA Afdsto] 7H4H71e] A
Z et T (ecological validity) & A 7= EYUF 7|&o|tl(a® 4 2 139 5) (Fuentes et al., 2021; Porcherot
et al., 2018). VR 3|Eul2-E tyAEFol(head-mounted display)E £ AH|AE LATH 7M4 350 EUA|
7] WhH, ARS AA 2o tAE JHEY o]u|A]E FHoto] AE AP HPotAY B3It} (Torrico et al.,

2023). A7 R27h 9% AT Aol A BEE(internal validity)S S 8Hs ©] $-218 ¥HE, VR/AR 7]
3 7L S 2EAE AAIR AES AUSHE dAR, unhl, 14T S a6 W AB ol dsto A

AH|Z} RS-0 HA] d&28HES =Y 4 Yrh= HoA FEET Q) (Lee et al., 2022; Porcherot et al., 2018).
5 S W71t Stelick et al. (2018) VRo| AHA o A= AH|ZL] AR 4
91L& QIS LE. Crofton et al. (2021)2 360% VR 7|&S &85l g AEFH T
il AHO|A 7|2 = F H|WSHR o, VR HAED SHFoA 2 7F B4 tiv] &
ofulsHA &2 7127} UrE} o] &7 AF 8ol FIFZ VS FRIstATh AR #oo4= Dong et
al. (2021)°] = 7H4] AR €73 FAFE OIA FAE 2 BlRAlE TEES B7lekih
Uo7} 2ol = Aokl A VR @43 QIS A 5= ATt A7 AP =L Qltt. da Silva et al. (2025) 3719
£9U% VR BAEEEA 37, 29 vk, off2& ) A7 A0 A W0 An|Rt 859k 744 RH

Azt 2t




T8 4. SZUUH(AR), SHEMR), 7HSHH(VR)

)27 & S Bl

oN

AL

AUGMENTED REALITY (AR}

Real world with digital
information overlay

Real world remains central
to the experience, enhanced by
virtual details.

MERGED REALITY (MR]

Real and the virtual are intertwined

iy

Interaction with and manipulation
of both the physical and
virtual environment.

VIRTUAL REALITY (VR)

Completely digital environment

Il

Fully enclosed, synthetic experience
with no sense of the real world.

EX: https://www.appliedart.com/blog/vr-ar-or-mr-whats-the-difference-why-should-i-care

H(MR), 7HRIa(VR)S 22 E 2=

\0

Ly

YA B

E

e

o
iz

A

Augmented Reality (AR)

ST TN
AN 2y ST SrE

SHAO| 2

2715101 SHl0f QL= That
THUA  HEES MU L=
ke 7k

ol

AEO| Jt0) MBS | A

[ IPTS

Mixed Reality (MR)

13} 70| HEE S8
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